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Abstract: Aiming at the problem of poor real-time and tracking drift of unmanned aerial vehicle (UAV) aerial track-
ing algorithm, this paper proposes an improved moth-flame optimization (MFO) tracker based on dynamic adaptive feature
fusion. This paper designs a target tracking framework based on moth-flame optimization with phototaxis-aggregation de-
gree (MFOPA). The initialization and iteration methods of MFO are improved by Gaussian distribution and phototaxis-ag-
gregation degree. The improved moth-flame algorithm is used as a search strategy to optimize target tracking, which im-
proves tracking efficiency. At the same time, based on the tracking framework of MFOPA, this paper defines an adaptive
multi-feature fusion template and selects a dynamical update template strategy, which makes full use of the advantages of
color name feature, fused histogram of oriented gradient feature and gray feature to eliminate the interference of UAV track-
ing in complex environment, and solve the problem of feature template degradation caused by learning invalid background
information in the case of occlusion. The experimental results show that the algorithm proposed in this paper can adapt to
the changes of the environment under different conditions in complex scenarios, the average tracking accuracy reaches 87%,
and the tracking speed is 31.6 frame/s, which meets the real-time requirements and greatly improves the accuracy and ro-
bustness of the tracker.
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G0 7 A SCEEEAE Drone Vehicle B4R I AOHUESSCRE .
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